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R. O. Duda, P. E. Hart, and D. G. Stork, Pattern Classification. Wiley-Interscience , 2000.
S. Theodoridis and K. Koutroumbas, Pattern Recognition, Academic Press , 2009.
Christopher M. Bishop, Pattern Recognition and Machine Learning, Springer, 2006.

Christopher M. Bishop, Deep Learning: Foundations and Concepts, Springer, 2024

Trevor Hastie, Robert Tibshirani, Jerome Friedman, The Elements of Statistical Learning: Data Mining, Inference, and

Prediction, Spronger, 2009
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Sutton, Richard S., Andrew G. Barto. Reinforcement learning: An introduction. The MIT Press, 2018 .

Lattimore, Tor, Szepesvari, Csaba, Bandit Algorithm. Cambridge Univ Press, 2020.

Szepesvari, Csaba. Algorithms for reinforcement learning, Morgan and Claypool , 2009.

Glimcher, P.W., Fehr, E. and Camerer, C. and Poldrack, R.A, Neuroeconomics: Decision Making and the Brain, Elsevier,
2008.

5. Olson M., Hergenhahn B.R., An Introduction to the Theories of Learning, Prentice-Hall, 2012.
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Craig, John J., Introduction to robotics: mechanics and control, Pearson Prentice Hall, 2018.
Spong, Mark W., Seth Hutchinson, and Mathukumalli Vidyasagar, Robot modeling and control., Wiley, 2006.
Sciavicco, Lorenzo, and Bruno Siciliano. Modelling and control of robot manipulators. Springer Science & Business Media,
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1. L. Fausett, Fundamentals of Neural Networks, Pearson, 1993.
2. Goodfellow, Y. Bengio and A. Courville , Deep Learning, An MIT Press book, 2016.
3. Convolutional Neural Network(UFLDL Tutorial)/available online at July 2016:
http://ufldl.stanford.edu/tutorial/supervised/ConvolutionalNeuralNetwork/
4. Convolutional Neural Networks (LeNet)/ available online at July 2016: http://deeplearning.net/tutorial/lenet.html
5. L. Alzubaidi,, J. Zhang, A. J. Humaidi, A. Al-Dujaili, Y. Duan, O. Al-Shamma, J. Santamaria, M.A. Fadhel, M. Al-Amidie,L. Farhan,
Review of deep learning: concepts, CNN architectures, challenges, applications, future direction, Journal of Big Data, 2021.
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David Forsyth, Jean Ponce, Computer Vision: A Modern Approach, Pearson, 2011.
Emanuele Trucco, Alessandro Verri, Introductory Techniques for 3-D Computer Vision, Prentice Hall, 1998.
Richard Szeliski, Computer Vision: Algorithms and Applications, Springer, 2022.
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Shilkrot, Mastering OpenCV with Practical Computer Vision Projects, Packt Publishing, 2012.
Ramesh Jain, Rangachar Kasturi, Brian G. Schunck, Machine Vision, Indo American Books, 2016.
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1. Floreano,mattiussi, Bioinspired Artificial Intelligence, 2008

2. Eric Bonabeau, Marco Dorigo, Guy Theraulaz, Swarm Intelligence: From Natural to Artificial Systems, Oxford
University Press, 1999

Bar Cohen, BIOMIMETICS-Biologically Inspired Technologies, 2006

4. T.Song, P. Zheng, M.L.D.Wong, Bio-inspired Computing Models And Algorithms, World Scientific, 2019
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Oliver Nelles, Nonlinear System Ildentification: From classical approaches to neural network and fuzzy models, Springer,
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Oliver Nelles, Nonlinear System Identification: From Classical Approaches to Neural Networks, Fuzzy Models, and Gaussian
Processes, Springer, 2021.

Lennart Ljung, System ldentification: Theory for the User, Prentice Hall; 1999.

Christopher M. Bishop, Pattern Recognition and Machine Learning, Springer, 2006.

Arun K. Tangirala, Principles of System Identification: Theory and Practice, CRC Press, 2014.
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Alan V. Oppenheim, Ronald W. Schafer, Discrete-Time Signal Processing, Prentice Hall, 1999.
Arie Dickman, Verified Signal Processing Algorithms in MATLAB and C, Springer, 2022.
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New Delhi, 2006.
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1. A. Narayanan, Bitcoin and Cryptocurrency Technologies, Princeton University Press, 2016.
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Everything is a race and Nakamoto always wins, 2020
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I. Goodfellow, Y. Bengio, A. Courville, Deep Learning, The MIT Press, 2016.
A.Zhang, Z. Lipton, M. Li and A., Dive into Deep Learning , Cambridge University Press, 2024.
David Forsyth, Applied Machine Learning textbook, Springer, 2019.

M.I. Jordan, An Introduction to Probabilistic Graphical Models, springer, 1999.
Peters, Jonas, Dominik Janzing, Bernhard Schélkopf. Elements of causal inference: foundations and learning algorithms.
The MIT Press,2017
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1. G.Wang, Distributed Machine Learning with Python: Accelerating model training and serving with distributed systems,
Packt Publishing, 2022.

2. Y.Tang, Distributed Machine Learning Patterns, Manning Publications, 2023.

3. Papers given in the class.
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1. Paal andS. Giesselbach, Foundation Models for Natural Language Processing: Pre-trained Language Models Integrating
Media, Springer , 2023

2. L. Tunstall, L. V. Werra, T. Wolf, Natural language processing with transformers, O'Reilly Media , 2022.

3. Papers given in the class.
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1. Daphne Koller and Nir Friedman, Probabilistic Graphical Models: Principles and Techniques, MIT press, 2009.
2. Adnan Darwiche, Modeling and Reasoning with Bayesian networks, Cambridge University Press, 2014.
3. Rina Dechter, Reasoning with probabilistic and deterministic graphical models: Exact algorithms. Springer Nature, 2022.
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