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. L. Fausett, Fundamentals of Neural Networks, Pearson, 1993.

. Goodfellow, Y. Bengio and A. Courville , Deep Learning, An MIT Press book, 2016.

. Convolutional Neural Network(UFLDL Tutorial)/available online at July 2016:
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. Convolutional Neural Networks (LeNet)/ available online at July 2016: http://deeplearning.net/tutorial/lenet.html
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1059 Sl b O 31 (51 » Sl (7

3,0 5 g ool da>De

1S (W9 3N (Sl F g (Sl p Ol (&
3,0 5 g ool da>De



http://ufldl.stanford.edu/tutorial/supervised/ConvolutionalNeuralNetwork/
http://deeplearning.net/tutorial/lenet.html

YO / Sl g Sguan igh il o vigmols (cwikigo iy (wilisd )l

oeble gl | 1 gy 4 p3d Olgis
w199 o £ Machine Vision f oSSl 4 i Olgis
LRCE ERY S 0928
O os W o canss Dl (w939
O o8 é)@-"" ]
[ 4okl / ) v 119 ooy
G- ke ¢A ol Sluw
L sy
- . b b . -
b/ sgele b fad 0 o g0lel ialeT e SIS caadd (953 Sl 5 lj,«a)u»)b K90/ skl cuxog
O sl dumrgn O s tso (292

1558 85190 [ ot 515 L stiwows [ otislo 3T L] ool s 3cmmsl U oSS (0 3g0T £95 4 3515 o d>lg 5

5 6Bl al palie 0350 wald s cpl Oodn 35 8 e al)l (eSS SBamd o 3 pbile gl e sl (aT 08 5 e eos al o
Ly SIS 5K 5 55l ge sl ST bl fds ((owdin SO 4 by e CIlan 053 ol 53 Bl (o rble gl s e sl ST )
5 3l o blE gl B e bl Do 55 50 ioman 0353 (2123 8 or - e e 6 el sl 5 s e sl (8535 05 4
S plasil sl Ol iy (Slhboe (5l iadl 5 053 (ol Souln W ubls Al S 505 Gab pmad 5 by gy sl 5 el slalad o
Sl 5l 5 035 Dslite o gun o 5ol B3I o3 b a3 (2l 85T el (5,5 4S5 ) w5 EL (o ol eble a3 e 5 6
S IS s Oolal 51 (SG ST o o3lial (Subas 33 gl i b S5 Sl (ke e sl 0303 5L (s (Bl s Sl ) 5 ik e ddia e
23 SN Slebas 313 S 53 w3 pl 53 AL (o ams | clie (G d e 0yl 5 T (S5l e 5 G e 0l (gLl LS
edigr oy flas o sl psas 15 QM&\@})) B 3 ol Oolal )"Gii.:;quna:l.&:,ijLu):)L;j}b.u»Ql};g«{
Slais 0y 2T imad Ob goeils yd (2l 53 il o 3a 2 b 5 S 15 g8 @ p s o o 5ol 515 Slgsy L OT o &7 il 5o

..&:;M‘}&g‘u\.:dGL:.G)6)}3')KanT}aAiJquT4bﬁfej}>):

059 Slonl

:.\;gﬁuMQMCu.,éﬁm;5>},¢)ww>a\@yo.\;bf\{
..\i\.u':\;:.L“_;.bgmdmh&n&j\j.ﬂfd.\»a&obbdﬁf%@j\béﬂa&.\J‘j:.! ST S a1y Sl elal el sloul s slas awtia
03 503 o S (51 Oy (gl amtin S1led sloml s> (G s (03 Sl el 1) RSSH e le (kS w1 (1055 ok A5 e 51
LS 03lil Ll 43 8 s e s K 14T 93 93 blize DG 5L (6 gt (sLd

S ook 1Sl Sl (6 el e 5 Al sl Gtk )53 53 1 bl b (6 25kl g el G o) SU131 eslizl b Ll il il
el 5 Gras &S50 4 Ll Ll il e Ll el 15 G 8 25l g0 a5 asl 5 5l 03l il g1 L gmils Ll sl o w S

Asb asls S8 LUl S, Aass 6Uu))l:.~>&ij>'Tr€,é):}w\zw&,&b&tﬁt’y}»g&lﬁg\

b fad o (@
Sl ks MG
LA




Eal o

Y9 /| Sl g sguan yigh il o 5igmols (cwiigo oy (wilisd )l

2083 O gl S

)‘Yﬁ &l dwdin

sl ol

ESEPEYY

S aw Sholed 5 (5l Jube
LS o s

4Byl Olo g s

B 9 1935w b i (5 67 3b- B33k (95 (&
o3 s p e IS

S5 ol osly 055

Sl 4yl 5 oIS

@Q\.;aj},;}@b&\a}}ﬁcw%&u ej)}é

(S olghiay) (e 30N 95 (&

IR s Jsb 53 o3 sl lad

TN Y s 0Ll 03037

1151 S W 390 DIl § O g «ilog ko (&

S S ke a4 (g s
b o35 5 ST planil gl 5 5eelS

(Solgdy (e @le (g

David Forsyth, Jean Ponce, Computer Vision: A Modern Approach, Pearson, 2011.

Emanuele Trucco, Alessandro Verri, Introductory Techniques for 3-D Computer Vision, Prentice Hall, 1998.

Richard Szeliski, Computer Vision: Algorithms and Applications, Springer, 2022.
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Shilkrot, Mastering OpenCV with Practical Computer Vision Projects, Packt Publishing, 2012.

Ramesh Jain, Rangachar Kasturi, Brian G. Schunck, Machine Vision, Indo American Books, 2016.
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Oliver Nelles, Nonlinear System Identification: From Classical Approaches to Neural Networks, Fuzzy Models, and Gaussian
Processes, Springer, 2021.

Lennart Ljung, System Identification: Theory for the User, Prentice Hall; 1999.

Christopher M. Bishop, Pattern Recognition and Machine Learning, Springer, 2006.

Arun K. Tangirala, Principles of System Identification: Theory and Practice, CRC Press, 2014.

Gianluigi Pillonetto, et al, Regularized System Identification: Learning Dynamic Models from Data, Springer, 2022.
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1. A.Narayanan, Bitcoin and Cryptocurrency Technologies, Princeton University Press, 2016.
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1. G. Wang, Distributed Machine Learning with Python: Accelerating model training and serving with distributed systems,
Packt Publishing, 2022.

2. Y. Tang, Distributed Machine Learning Patterns, Manning Publications, 2023.

3. Papers given in the class.
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PaaR and S. Giesselbach, Foundation Models for Natural Language Processing: Pre-trained Language Models Integrating
Media, Springer , 2023

L. Tunstall, L. V. Werra, T. Wolf, Natural language processing with transformers, O'Reilly Media , 2022.

Papers given in the class.
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